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 This study aims to analyze the factors affecting the student's 
acceptance of e-learning IAIN Ponorogo through the UTAUT model, 
which consists of four primary constructs: performance expectancy, 
effort expectancy, social influences, and facilitating conditions. Those 
constructs are influenced strongly by moderating variables, which 
include age, gender, experience, and volunteerism of use. This model 
will be used to analyze the e-learning system of IAIN Ponorogo based 
on LMS Moodle version 1.9.15 with slight modifications. The 
research type is quantitative-explanative research. The subjects are 
students of IAIN Ponorogo, with 400 respondents as a sample from a 
total population of 8112 students using a stratified random sampling 
technique. Data was collected from the results of a closed 
questionnaire and analyzed by the Partial Least Square (PLS) method 
with WarpPLS software, which consists of three steps: the design of 
the inner model, the outer model, and the evaluation of the model. The 
findings indicated that: (1) Facilitating condition factors have a 
positive and insignificant effect on students' behavior with a parameter 
coefficient value of 0.7% and a p-value greater than 5%; (2) The 
interest in use factor has a positive and significant effect on the use 
behavior of students with a parameter coefficient value of 0.735 and a 
p-value greater than 5%. 
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INTRODUCTION  
There is a phenomenon of the COVID-19 pandemic, which started in the city of Wuhan, China, 

at the end of 2019 and quickly spread almost throughout the world until now. [1] [2] [3] The 
circumstances require all lines to adapt to changes in life patterns, including education. In a short time, 
educational institutions are forced to implement online or distance learning to face it, where information 
and communication technology play an essential role. [4] [5] [6] It is estimated that around 97% of 
educational institutions have implemented online learning. [7] 

In response to the COVID-19 pandemic and the increasingly rapid development of information 
technology, a digital service must be used as an effective distance learning medium for students. One 
use of information technology that educational institutions commonly use is E-learning. E-learning is a 
media that is currently popular and is being massively developed by various educational institutions. [8] 
[9] [10] [11] The application of E-learning has at least four benefits: personal experience in learning, 
reduced costs, ease of achievement, and the ability to be responsible. [12] 

IAIN Ponorogo's digital learning system, which has a page https://e-learning.iainponorogo.ac.id, 
allows it to be updated regularly, and the latest currently is version 3.6.1. Some of the Moodle features 
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that have been implemented in IAIN Ponorogo E-learning are course categories (material categories 
based on faculties and study programs), online users, online tests, messages, calendar, discussion, IAIN 
Ponorogo’s site, news, and so on. This interactive and systematic E-learning display is straightforward 
to use; the material can also be downloaded so that everyone can study it in offline method. With E-
learning, interaction between students and lecturers will be easier and more interactive because it can 
be done anywhere and anytime without being bound by distance and time. Ideally, all lecturers and 
students can optimally utilize this kind of convenience for the smoothness and effectiveness of distance 
learning. Previous studies show that the effectiveness of e-learning in some Indonesian Islamic 
Universities is at a score of 52% in the outstanding category and is reflected in student responses. 
Learning can make students active, independent, think critically, responsible, collaborate, and discuss 
according to learning objectives [13] [14] and a statistically significant increase in mean summative 
assessment score (𝑃𝑃 = 0.03) and final grade (𝑃𝑃 = 0.02) for students who completed the formative e-
learning module. [15] 

According to researchers' observations, the level of use and acceptance of IAIN Ponorogo E-
learning is less than optimal and still faces many obstacles. This is reflected in the unequal distribution 
of lecturers who use IAIN Ponorogo E-learning in the learning process, with a percentage of 60%, and 
the level of knowledge and mastery of students being inadequate. The use of e-learning is also limited 
to technical issues, including network access and e-learning platforms. It has yet to enter into more 
substantive issues and productive learning interactions. [16] Furthermore, there are still students who 
need to learn about using E-learning in the campus environment, so in practice, many lecturers and 
students do not use this platform. However, on the other hand, the massive use of the E-learning platform 
will increase the campus ranking on Webometrics, where in mid-July 2021, the IAIN Ponorogo campus 
was ranked 18th out of 58 Islamic State University’s in Indonesia and 160th out of 2593 Islamic State 
University’s in Indonesia.[17] Furthermore, several aspects need improvement, namely internet quota, 
quality of learning media, and learning facilities.[18] 

On the one side, the use of information technology provides many benefits, but on the other side, 
it may also not bring benefits due to the inability of institutions that fail to plan and implement 
information technology. Many projects developing an online learning system still need to produce a 
system that provides benefits. [19, pp. 23–24] Many factors, both internal and external, can cause failure 
to implement information technology systems in this institution. Among them is the need for more 
synchronization between the decisions made and the level of user acceptance. The decision to adopt an 
information technology system is in the hands of policymakers. However, the successful use of this 
technology in the field depends on the acceptance and use of all individual users. System user behavior 
is formed from the user's attitudes and perceptions of the system. Information technology users are 
humans who psychologically have a specific behavior inherent to them, so behavioral aspects in the 
context of humans as users of information technology are essential as a determining factor in the success 
of implementing information technology. 

Therefore, it is essential to know the level of acceptance and user perceptions of IAIN Ponorogo 
E-learning. One way to measure the level of user perception is within the UTAUT model or Unified 
Theory Of Acceptance And Use Of Technology. This model includes a model for measuring technology 
acceptance developed by Venkatesh et al., where this model is a combination of the eight leading 
acceptance theories, namely TRA, TAM, MM, TPB, combining TAM and TPB, MPTU, IDT, and SCT. 
Venkatesh et al. found four primary constructs that play an essential role as direct determinants of 
behavioral intention and use behavior: performance expectancy, effort expectancy, social influence, and 
facilitating conditions. [20, pp. 425–478]. Many similar studies have been carried out, especially 
regarding UTAUT, to measure the acceptance and use of a particular technological system. [21] [22] 
[23]. 
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Previous studies on the technology acceptance on online learning platforms in Universities have 
mainly focused on the impact of cognitive absorption [24], the behavioral differences in the 
acceptance [25], and the role of student competency [26] in integrating the technology acceptance model 
and S-O-R model [27]. An increasing number of scholars have examined emerging technologies and the 
use of devices with various acceptance models, yet research has scarcely explored users’ intentions to 
accept innovative online learning media relevant to the sense of trust. Meanwhile, trust is considered an 
important factor that promotes the adoption of innovative technologies in various fields [28] and trust 
in online learning media enables the users to have confidence in the device's performance, safety, and 
effectiveness.[29] The unique aspect of this study is that it will fully implement Venkatesh's UTAUT 
model, which includes independent, dependent, and moderator variables, to determine whether 
strengthening the relationship between the two variables mentioned above is necessary. The study will 
also examine the system's use from the viewpoint of student users and the urgency of doing so, given 
the Covid-19 pandemic's demand for online learning. This study examines the variables influencing the 
adoption and utilization of IAIN Ponorogo e-learning. This study adds to both theoretical understanding 
and real-world applications in the rapidly changing field of learning technology by concentrating on the 
distinctive features of cutting-edge online learning media. It also offers fresh insights into the process 
of technology acceptance among educators. 

METHODS  
This research uses explanatory research, which explains the causal relationship between research 

variables through hypothesis testing. Analysis of acceptance and use in research uses the UTAUT model, 
designed to analyze what factors influence the acceptance and use of technology. The UTAUT model 
used is in Figure 1. 

 
Figure 1. UTAUT Model as a Research Framework  

The research sample was 400 IAIN Ponorogo students from a total population of 8112 students 
who used E-learning as of August 2021 with a sampling technique in the form of stratified random 
sampling. The data collection method uses a 5 Likert scale questionnaire, as the most widely used data 
collection method regarding the UTAUT model [30], with details: 1 strongly disagree, 2 disagree, 3 
neutral, 4 agree, and 5 strongly agree.  
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Table 1. Likert Score 
No. Scale Score 
1. Strongly Agree 5 
2. Agree 4 
3. Neutral 3 
4. Disagree 2 
5. Strongly Disagree 1 

The instrument grid is structured based on indicators and constructs established in the UTAUT 
model, where this instrument consists of 42 statement items composed of four primary constructs, 3 
secondary constructs, and 1 objective construct, and is equipped with seven sections. The first section 
contains several questions regarding respondents' characteristics, including name, gender, age, previous 
experience using E-learning, and willingness to use E-learning. The second part concerns performance 
expectations (9 statement items), the third section concerns business expectations (6 statement items), 
the fourth section relates to social factors (7 statement items), the fifth section concerns facilitating 
condition variables (11 statement items), then the sixth concerns usage interest (3 statement items) and 
the seventh section concerns usage behavior variables (2 statement items). 

The data analysis technique used in this research is the PLS approach using WarpPLS software, 
which consists of the following 3 steps: 1) designing a structural model (inner model), 2) designing a 
measurement model (outer model), 3) measurement model which includes: outer model measurement, 
inner model measurement, and hypothesis testing. 

RESULT AND DISCUSSION  
This inferential analysis used for measurement is component-based SEM software, namely 

WarpPLS version 7.0. The choice of PLS was due to previous research closely related to utilizing this 
software. Additionally, WarpPLS is more user-friendly when used to test models with more than one 
moderate variable. 

Outer model 
The first thing the author did in evaluating the model measurements was to measure the outer 

model. Measuring the outer model is carried out in a variable to identify the reliability and validity of 
the indicator statement items. In this stage, the outer model measurement is carried out by looking at the 
convergent, discriminant, and composite validity values. 

Convergent validity includes validity, proving that the scores obtained by two instruments that 
measure the same concept or concepts with different methods will have a high correlation. Convergent 
validity produces loading factor values for each construct. Loading factor values above 0.7 are highly 
recommended; however, loading factors of 0.50 to 0.60 can still be tolerated as long as the research 
model is still in development. For items that do not have a loading factor value above 0.5, the 
improvement process can be done by dropping or deleting the item. The following are the convergent 
validity results using WarpPLS. 

Based on Table 2, we can understand that the convergent validity for each variable is as follows: 
(1) Convergent validity for the performance expectations variable is good because of the 9 statement 
items in the indicator; all have loading factor values above 0.5, and all are significant; (2) Convergent 
validity for the business expectations variable is good because of the 6 statement items in the indicator; 
all have loading factor values above 0.5, and all are significant; (3) Convergent validity for the social 
factor variable is good because of the 6 statement items in the indicator; all have loading factor values 
above 0.5, and all are significant; (4) Convergent validity for the facilitating condition variable is good 
because of the 10 statement items in the indicator, which all have loading factor values above 0.5 and 
are significant; (5) Convergent validity for the behavioral intention variable is good because of the 3 
statement items in the indicator, which all have loading factor values above 0.5 and are significant; (6) 
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Convergent validity for the usage behavior variable is good because of the 2 statement items in the 
indicator; all have loading factor values above 0.5, and all are significant. 

Table 2. Convergent Validity Results Without Moderate Variables 
Indicator Items x1 x2 x3 x4 z y P value 

X1.1.1 0.861 0.040 -0.023 -0.099 -0.079 0.110 <0.001 
X1.1.2 0.767 0.152 -0.049 -0.196 0.003 0.033 <0.001 
X1.1.3 0.838 0.013 0.032 -0.141 0.101 -0.058 <0.001 
X1.2.1 0.871 -0.087 -0.091 0.041 -0.050 0.040 <0.001 
X1.2.2 0.685 -0.337 0.059 0.036 -0.242 0.101 <0.001 
X1.3.1 0.840 0.024 -0.006 0.188 0.108 -0.129 <0.001 
X1.3.2 0.830 0.207 0.059 -0.025 0.010 0.006 <0.001 
X1.4.1 0.776 0.216 0.003 0.080 0.225 -0.097 <0.001 
X1.4.2 0.734 -0.294 0.031 0.126 -0.114 0.005 <0.001 
X2.1.1 0.008 0.844 -0.017 -0.252 0.010 -0.018 <0.001 
X2.1.2 -0.166 0.796 -0.168 0.121 -0.181 0.099 <0.001 
X2.1.3 -0.162 0.891 -0.099 0.075 -0.087 0.042 <0.001 
X2.2.1 0.064 0.884 0.039 -0.039 0.176 -0.054 <0.001 
X2.2.2 0.117 0.827 0.092 0.047 0.034 -0.006 <0.001 
X2.2.3 0.139 0.842 0.150 0.054 0.036 -0.057 <0.001 
X3.1.1 -0.249 0.022 0.626 -0.176 -0.159 0.110 <0.001 
X3.1.2 0.066 -0.016 0.693 -0.104 -0.409 0.338 <0.001 
X3.1.3 0.242 0.206 0.771 -0.011 0.141 -0.073 <0.001 
X3.2.1 -0.060 -0.130 0.691 -0.164 -0.007 -0.019 <0.001 
X3.2.2 -0.043 -0.044 0.798 0.006 0.204 -0.154 <0.001 
X3.3.1 0.097 -0.003 0.817 0.267 -0.035 0.004 <0.001 
X3.3.2 -0.098 -0.041 0.818 0.100 0.176 -0.140 <0.001 
X4.1.1 -0.124 0.286 -0.117 0.811 -0.036 -0.001 <0.001 
X4.1.2 0.020 0.179 -0.165 0.838 -0.041 -0.034 <0.001 
X4.1.3 -0.305 0.481 -0.019 0.703 0.016 0.066 <0.001 
X4.2.1 0.120 -0.160 -0.023 0.674 -0.123 -0.104 <0.001 
X4.2.2 -0.162 -0.051 0.085 0.744 0.129 -0.049 <0.001 
X4.2.3 0.186 -0.313 -0.033 0.757 -0.019 0.017 <0.001 
X4.2.4 0.232 -0.291 -0.128 0.729 -0.194 0.069 <0.001 
X4.3.1 0.207 -0.087 -0.109 0.750 -0.004 -0.031 <0.001 
X4.3.2 -0.245 -0.210 0.519 0.357 0.002 0.187 <0.001 
X4.3.3 -0.058 0.022 0.313 0.681 0.289 -0.025 <0.001 
Z1.1 -0.002 -0.028 -0.104 0.090 0.934 -0.082 <0.001 
Z1.2 -0.011 -0.037 -0.053 0.096 0.940 -0.007 <0.001 
Z1.3 0.014 0.070 0.167 -0.197 0.883 0.094 <0.001 
Y1.1 -0.099 -0.104 0.088 -0.036 -0.189 0.905 <0.001 
Y1.2 0.099 0.104 -0.088 0.036 0.189 0.905 <0.001 

Based on the resulting test in Table 2, all statement items have a loading factor value above 0.5, 
meaning all indicators have good convergent validity. The next check of convergent validity is by 
looking at the AVE output. Constructs have good convergent validity if the AVE value exceeds 0.50. 
The results of the AVE value are shown in Table 3. The AVE value of all research variables exceeds 
the value of 0.50. It means that performance expectations, effort expectations, social factors, facilitating 
conditions, interest in utilization, and usage behavior have good convergent validity values. 

Table 3. AVE Value 
Variable AVE 

Performance expectancy 0.644 
Effort expectancy 0.719 
Social influences 0.560 

Facilitating conditions 0.512 
Behavioral intention 0.845 

Use Behavior 0.819 
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Discriminant validity includes the value of the cross-loading factor, which helps analyze whether 
some of these constructs have adequate discriminant, namely by comparing the loading value on the 
construct in question, which must be greater than the loading value with other constructs. Based on 
Table 3 above, we can understand that the results of discriminant validity for each variable are as 
follows:  

Discriminant validity for the performance expectation variable is good because all indicator items 
each have a higher relationship value on the same variable when compared to the relationship value with 
other variables. In this variable, there are 9 statement items, where the item that has the lowest cross-
loading factor value is item X1.2.2 of 0.685; this indicates that item X1.2.2 has the least discriminant or 
differentiating value when compared to other statement items on the independent variable performance 
expectations. Meanwhile, the item that has the highest cross-loading factor value is item X1.1.1, which 
is 0.861; this indicates that item X1.1.1 has the greatest discriminant or differentiating value if we 
compare it with other statement items on the independent variable performance expectations. 

Discriminant validity for the business expectation variable is good because all indicator items 
have a higher relationship value on the same variable when compared to the relationship value with 
other variables. In this variable, there are 6 statement items, where the item that has the lowest cross-
loading factor value is item X2.1.2 of 0.796; this indicates that item X2.1.2 has the least discriminant or 
differentiating value when compared to other statement items on the independent variable performance 
expectations. Meanwhile, the item that has the highest cross-loading factor value is item X2.1.3, which 
is equal to 0.891; this shows an indication that item X2.1.3 has the greatest discriminant or distinguishing 
value if we compare it with other statement items on the independent variable of business expectations. 

Discriminant validity for social factor variables is good because all indicator items each have a 
higher relationship value on the same variable when compared to the relationship value with other 
variables. In this variable, there are 7 statement items, where the item that has the lowest cross-loading 
factor value is item X3.1.1 of 0.626; this indicates that item X3.1.1 has the least discriminant or 
differentiating value when compared to other statement items on the independent variable social factors. 
Meanwhile, the item with the highest cross-loading factor value is item X3.3.2, which is 0.818; this 
indicates that item X3.3.2 has the greatest discriminant or differentiating value if we compare it with 
other statement items on the independent variable social factors. 

Discriminant validity for the facilitating conditions variable is good because all indicator items 
each have a higher relationship value on the same variable when compared to the relationship value with 
other variables. In this variable, there are 10 statement items, where the item that has the lowest cross-
loading factor value is item X4.2.1 of 0.674; this indicates that item X4.2.1 has the least discriminant or 
differentiating value when compared to other statement items on the independent variable facilitating 
conditions. Meanwhile, the item with the highest cross-loading factor value is item X4.1.2, equal to 
0.838; this indicates that item X4.1.2 has the greatest discriminant or differentiating value compared to 
other statement items on the independent variable of facilitating conditions. 

Discriminant validity for behavioral intention variables is good because all indicator items each 
have a higher relationship value on the same variable when compared to the relationship value with 
other variables. In this variable, there are 3 statement items, where the item that has the lowest cross-
loading factor value is item Z1.2 of 0.940; this indicates that item Z1.2 has the least discriminant or 
differentiating value if we compare it with other statement items on the independent variable behavioral 
intention. Meanwhile, the item with the highest cross-loading factor value is item Z1.3, which is 0.883; 
this indicates that item Z1.3 has the greatest discriminant or distinguishing value if we compare it with 
other statement items on the independent variable behavioral intention. Discriminant validity for the 
usage behavior variable is good because all indicator items each have a higher relationship value on the 
same variable when compared to the relationship value with other variables. 
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Table 4. Composite Reliability and Cronbach's alpha 
Variable Composite reliability  Cronbach's Alpha 

Performance expectancy 0.942 0.930 
Effort expectancy 0.939 0.921 
Social influences 0.898 0.867 

Facilitating conditions 0.911 0.889 
Behavioral intention 0.942 0.908 

Use Behavior 0.900 0.779 

We utilize composite reliability to measure the reliability of latent variables. We generate 
Composite reliability from calculations using WarpPLS, where we want to say reliable if the composite 
reliability value is ≥ 0.70. Aside from the resulting composite reliability results, this measurement is 
also corroborated based on the value of Cronbach's alpha, which is said to be reliable if the Cronbach's 
alpha value is ≥ 0.60. Table 4 shows the results of composite reliability and Cronbach's alpha generated 
using WarpPLS: 

Based on Table 4, we can understand that the results of composite reliability testing for each 
variable are categorized as good. This is because each variable has a composite reliability value above 
0.7 and a Cronbach's alpha value above 0.6. In the results of measuring this composite reliability, we 
can understand that the variable with the lowest reliability value is the social factor variable, with a 
composite reliability value of 0.898 and a Cronbach's alpha value of 0.867. It can be concluded that the 
variable has the lowest reliability test value if we compare it with other variables. Meanwhile, the 
variables with the highest reliability value are the performance expectation and behavioral intention 
variables, namely the Composite reliability value of 0.942 and the Cronbach's alpha values of 0.930 and 
0.908. It can be concluded that the variable has the highest reliability test value compared to other 
variables. From the results of measuring the outer model without utilizing the moderate variable above, 
the results of this measurement have met the validity and reliability of the model so that it can be 
continued to carry out inferential analysis utilizing moderate variables. 

Inner model  
After we have created the outer model, the next step is the inner model. At this stage, we need to 

pay attention to the parameter coefficient value, the T-Statistic value, and the significance of the 
parameter coefficient. We get the T-Statistic value from the bootstrapping results in WarpPLS. In 
measuring the inner model, we consider all variables necessary, whether they are independent, 
dependent, or moderate variables, and then want to use them as primary elements. The following are the 
results of measuring the inner model in this study. 

Table 5. Hypothesis Test Model without Moderate Variable 
Independent variable Bound variable Coefficient Value p-value Description 

X1 Z 0.159 <0.001 Influential 
X2 Z 0.394 <0.001 Influential 
X3 Z 0.156 <0.001 Influential 
X4 Y 0.077 0.058 Influential 
Z Y 0.735 <0.001 Influential 

Based on Table 5, we understand that every variable relationship does not own positive coefficient 
values and significance values of less than 5%. Several variable relationships have positive coefficient 
values and significance values of less than 5%, as many as 4 relationships, indicating a positive 
relationship between the independent and dependent variables. [19]. The analysis is described as 
follows. 

In the variable relationship, performance expectations and interest in use have a positive and 
significant relationship. This is because it has a positive coefficient value of 0.159 and a significance 
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value of less than 5%. So, the performance expectation variable significantly affects the dependent 
variable of interest in use.  

The variable relationship between business expectations and interest in use has a positive and 
significant relationship. This is because it has a positive coefficient value of 0.394 and a significance 
value of less than 5%. So, the business expectation variable significantly positively affects the dependent 
variable of interest in use.  

In the relationship between social factor variables and interest in use, there is a positive and 
significant relationship. This is because it has a positive coefficient value of 0.156 and a significance 
value of less than 5%. So, the social factor variable significantly positively affects the dependent variable 
of interest in use.  

In the relationship between facilitating conditions and usage behavior variables, there is a positive 
and insignificant relationship. This is because the positive coefficient value is 0.077 and has a 
significance value of more than 5%. So, the facilitating conditions variable has no significant positive 
effect on the dependent variable of usage behavior.  

The variable relationship between interest in use and usage behavior has a positive and significant 
relationship. This is because it has a positive coefficient value of 0.735 and a significance value of less 
than 5%. So, the variable of interest. 

Table 6. Hypothesis Test Model with Intervening Variables 
Variable Relationship Coefficient Value p-value Description 

X1 – Z – Y 0.117 <0.001 Influential 
X2 – Z – Y 0.290 <0.001 Influential 
X3 – Z – Y 0.115 <0.001 Influential 

Based on Table 6, we understand that work expectations, business expectations, and social factors 
have a positive and significant effect on usage behavior through an interest in use; this can be seen from 
the positive coefficient value and a significance value of less than 5%. 

Table 7. Hypothesis Test Model with Moderate Variable 
Independent variable Bound variable Coefficient Value p-value Description 

x1 Z 0.205 <0.001 Influential 
x2 Z 0.400 <0.001 Influential 
x3 Z 0.180 <0.001 Influential 
x4 Y 0.007 0.447 No Effect 
z Y 0.742 <0.001  Influential 

Gx1 Z 0.034 0.246 No Effect 
Gx2 Z 0.044 0.189 No Effect 
Gx3 Z 0.008 0.433 No Effect 
Ax1 Z 0.125 0.005 Influential 
Ax2 Z -0.046 0.177 No Effect 
Ax3 Z 0.020 0.344 No Effect 
Ax4 Y 0.044 0.189 No Effect 
Ex2 Z 0.025 0.304 No Effect 
Ex3 Z 0.021 0.333 No Effect 
Ex4 Y 0.057 0.125 No Effect 
Vx3 Z 0.041 0.205 No Effect 

A Z 0.014 0.387 No Effect 
A Y 0.067 0.088 No Effect 
E Z 0.073 0.069 No Effect 
E Y -0.033 0.254 No Effect 
G Z -0.036 0.232 No Effect 

Based on Table 7, the results of hypothesis testing are obtained which can be described as follows: 
Hypothesis 1: Performance expectancy positively and significantly affects behavioral intention. The 
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loading factor value of the performance expectation coefficient on interest in use is 0.205 or 20.5%, 
which means it is positive. The significance value of this path is less than 5%. This means that the 
performance expectation variable significantly positively affects interest in use [31]. Based on this, 
hypothesis 1 is accepted. Based on the previous descriptive statistical analysis, the indicator on the 
performance expectancy variable has a mean of 3.61 with 9 statement items. This shows that students 
who use IAIN Ponorogo e-learning strongly agree that the existence of individual confidence in using a 
technology system will increase their interest in using the system in their learning activities. 

Hypothesis 1a: Gender strengthens the relationship between performance expectancy and 
behavioral intention. The loading factor value of the gender moderating variable on performance 
expectations on interest in use is 0.034 or 34%, which means it is positive. The significance value of 
this path is more than 5%. This means that the gender moderating variable on performance expectations 
does not significantly affect usage interest, so it cannot strengthen the relationship between the 
performance expectation variable and usage interest. Based on this, it can be concluded that hypothesis 
1a is rejected. 

Hypothesis 1b: Age strengthens the relationship between performance expectancy and behavioral 
intention. The loading factor value of the moderate age variable on performance expectations on interest 
in use is 0.125 or 12.5%, which means it is positive. The significance value of this path is less than 5%. 
This means that the moderate variable age on performance expectations significantly affects interest in 
the use so that it can strengthen the relationship between the performance expectation variable and 
interest in use. Based on this, hypothesis 1b is accepted. 

Hypothesis 2: Effort expectancy positively and significantly affects behavioral intention. The 
loading factor value of the business expectation coefficient on interest in use is 0.400 or 40%, which 
means it is positive. The significance value of this path is less than 5%. This means that the business 
expectation variable significantly positively affects interest in use. [19]. Based on this, hypothesis 2 is 
accepted. Based on the previous descriptive statistical analysis, the indicator on the effort expectancy 
variable has a mean of 3.52 with 6 statement items. This shows that students who use IAIN Ponorogo 
e-learning strongly agree that the ease of using a technology system will arouse individual interest in 
using the system in their learning activities. 

Hypothesis 2a: Gender strengthens the relationship between effort expectancy and behavioral 
intention. The loading factor value of the moderate variable gender on business expectations on interest 
in use is 0.044 or 0.4%, which means it is positive. The significance value of this path is more than 5%. 
It means that the gender moderating variable on business expectations does not significantly affect 
interest in use, so it cannot strengthen the relationship between the business expectation variable and 
interest in use. Based on this, it can be concluded that hypothesis 2a is rejected. 

Hypothesis 2b: Age strengthens the relationship between effort expectancy and behavioral 
intention. The loading factor value of the moderate age variable on business expectations on interest in 
use is -0.046 or -0.4%, which means it is negative. The significance value of this path is more than 5%. 
It means that the moderate variable age in business expectations does not significantly affect interest in 
use, so it cannot strengthen the relationship between the business expectation variable and interest in 
use. Based on this, it can be concluded that hypothesis 2b is rejected. 

Hypothesis 2c: Experience strengthens the relationship between effort expectancy and behavioral 
intention. The loading factor value of the moderate variable Experience on business expectations on 
interest in use is 0.025 or 0.2%, which is positive. The significance value of this path is more than 5%. 
This means that the moderate variable experience on business expectations does not significantly affect 
interest in the use, so it cannot strengthen the relationship between the business expectation variable and 
interest in use. Based on this, it can be concluded that hypothesis 2c is rejected. 

Hypothesis 3: Social influence positively and significantly affects behavioral intention. The 
loading factor value of the social factor coefficient on interest in use is 0.180 or 18%, which means it is 
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positive, and the significance value of this path is less than 5%. This means that the social factor variable 
significantly positively affects interest in using it. [19]. Based on this, hypothesis 3 is accepted. Based 
on the previous descriptive statistical analysis, the indicator on the social influence variable has a mean 
of 3.43 with 7 statement items. It shows that students who use IAIN Ponorogo e-learning strongly agree 
that the influence of people around them will arouse their interest in using technology systems in their 
learning activities. 

Hypothesis 3a: Gender strengthens the relationship between social influence and behavioral 
intention. The loading factor value of the moderating variable gender on social factors on interest in use 
is 0.008 or 0.8%, which means it is positive. The significance value of this path is more than 5%. It 
means that the moderating variable gender on social factors does not significantly affect interest in use, 
so it cannot strengthen the relationship between social factors variables and interest in use. Based on 
this, it can be concluded that hypothesis 3a is rejected. 

Hypothesis 3b: Age strengthens the relationship between social influence and behavioral 
intention. The loading factor value of the moderate age variable on social factors on interest in use is 
0.020 or 0.2%, which means it is positive. The significance value of this path is more than 5%. It means 
that the moderate age variable in social factors does not significantly affect interest in use, so it cannot 
strengthen the relationship between social factors variables and interest in use. Based on this, it can be 
concluded that hypothesis 3b is rejected. 

Hypothesis 3c: Experience strengthens the relationship between social influence and behavioral 
intention. The loading factor value of the moderate variable Experience on social factors on interest in 
use is 0.021 or 0.2%, which means it is positive. The significance value of this path is more than 5%. 
This means that the moderate variable experience on social factors does not significantly affect interest 
in use, so it cannot strengthen the relationship between social factors variables and interest in use. Based 
on this, it can be concluded that hypothesis 3c is rejected. 

Hypothesis 3d: Voluntariness of use strengthens the relationship between social influence and 
behavioral intention. The loading factor value of the moderate variable willingness to use social factors 
on interest in use is 0.041 or 0.4%, which means it is positive. The significance value of this path is 
more than 5%. It means that the moderate variable of willingness to use on social factors does not 
significantly affect interest in use, so it cannot strengthen the relationship between social factors 
variables and interest in use. Based on this, it can be concluded that hypothesis 3d is rejected. 

Hypothesis 4: Facilitating conditions positively and significantly affect Use behavior. The loading 
factor value of the coefficient of facilitating conditions on usage behavior is 0.007 or 0.07%, which 
means it is positive. The significance value of this path is more than 5%. It means that the facilitating 
conditions variable has a positive and insignificant effect on usage behavior. [19]. Based on this, it can 
be concluded that hypothesis 4 is rejected. Based on the previous descriptive statistical analysis, the 
indicator on the facilitating conditions variable has a mean of 3.56 with 10 statement items. It shows 
that students who use IAIN Ponorogo e-learning strongly agree that facilitating conditions or factors can 
support them using IAIN Ponorogo e-learning for their learning activities. 

Hypothesis 4a: Age strengthens the relationship between facilitating conditions and uses 
behavior. The loading factor value of the moderate age variable in facilitating conditions on usage 
behavior is 0.044 or 0.4%, which means it is positive. The significance value of this path is more than 
5%. It means that the moderate variable age in facilitating conditions does not significantly affect usage 
behavior, so it cannot strengthen the relationship between facilitating conditions and usage behavior. 
Based on this, it can be concluded that hypothesis 4a is rejected. 

Hypothesis 4b: Experience strengthens the relationship between facilitating conditions and Use 
behavior. The loading factor value of the moderate variable experience in facilitating conditions on 
usage behavior is 0.057 or 0.5%, which means it is positive. The significance value of this path is more 
than 5%. It means that the moderate variable Experience in facilitating conditions does not significantly 
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affect usage behavior, so it cannot strengthen the relationship between facilitating conditions variables 
and usage behavior. Based on this, it can be concluded that hypothesis 4b is rejected. 

Hypothesis 5: Behavioral intention positively and significantly affects use behavior. The loading 
factor value of the coefficient of interest in use on usage behavior is 0.742 or 74.2%, which means it is 
positive. The significance value of this path is less than 5%. It means that the user interest variable 
positively and significantly affects usage behavior. [19]. Based on this, hypothesis 5 is accepted. 

Table 8. R-Square Results 
Number Variable R-Square 

1 Z 0.578 
2 Y 0.626 

In addition to looking at the T-Statistic value, calculations are also carried out by looking at the 
R2 value, which measures the variability of endogenous constructs that the variability of exogenous 
constructs can explain. If the R-value is close to 1, it can be interpreted that the independent variable is 
very supportive of the dependent variable. The following are the R-Square results generated by 
WarpPLS. Based on Table 8, we can conclude that the R-Square value on the dependent variable 
behavioral intention is 0.578. It means that the independent variables of performance expectancy, effort 
expectancy, and social influence can explain the variability of behavioral intention by 57.8%. 
Meanwhile, the use behavior variable has an R-squared value of 0.626, which means that the 
independent variables facilitating conditions and behavioral intention can explain the variability of use 
behavior by 62.6%. 

Furthermore, this study was able to identify various factors influence student acceptance of the 
use of IAIN Ponorogo e-learning. Referring to the research results among the four primary constructs 
of the UTAUT model, only facilitating conditions have a positive and insignificant effect on usage 
behavior, indicating user acceptance of IAIN Ponorogo's e-learning. 

Facilitating conditions have an insignificant positive effect on use behavior with a parameter 
coefficient value of 0.7%. Students agree that facilitating conditions are one of the factors that must be 
improved because these factors affect students' interest in using IAIN Ponorogo e-learning. This finding 
is in line with Venkatesh et al.  [20], who highlighted the role of facilitating conditions in technology 
adoption. In the online learning media, this could translate to sufficient training and technical support 
for innovative medical devices. 

Behavioral intention positively and significantly influences use behavior, with an estimated value 
of 0.464 and a t-statistic value of 74.2%. Students strongly agree that interest in utilization or use is one 
of the factors that must be improved because these factors affect students in using IAIN Ponorogo e-
learning. This finding is in line with Kholoud Bajunaied et al. [32] who highlighted behavioral intention 
to adopt fintech services significantly and positively impacted by performance expectancy, effort 
expectancy, facilitating condition, and privacy enablers. 

CONCLUSION  
This study was able to identify various factors that influence the acceptance of e-learning media 

by students, especially facilitating conditions towards e-learning media that have a positive but 
insignificant impact on use behavior. Theoretically, this study corroborates the UTAUT acceptance 
theory that facilitating conditions towards e-learning media has a positive but insignificant impact on 
usage behavior. From a practical standpoint, the findings on facilitating conditions are important to 
guide institutions to innovate and develop e-learning as a new learning medium. By engaging with 
external partners, such as research institutions, and end-users, institutions can leverage diverse 
knowledge bases, leading to more efficient and user-centred e-learning development [33]. Furthermore, 
the findings of this study suggest that institutions should conduct socialization and training on the use 
of the system, summarise the features of e-learning to make it more practical and easy to use, and 
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coordinate with server managers and campus internet network providers to increase bandwidth capacity 
to make internet connections more stable. 
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